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To achieve the paper's objective, a qualitative research approach
was adopted, aligning with the interpretivist paradigm. Thirteen
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minimum of three years were sampled from the Eastern Cape in
South Africa, by using snowball and convenience sampling. Semi-
structured interviews were conducted and the data derived was

analysed through directed content analysis.

Financial planners have a varied understanding of robo-advisors.
While some lack clarity on robo-advisors' nature and scope, there
is a prevailing view that they cannot replace human planners

entirely.

Robo-advisors could transform current financial-planning
methods. However, this paper reveals limited knowledge and
misconceptions among financial planners regarding robo-advisors.
It is imperative that institutions and professional bodies create
awareness of such innovations. Educating financial planners about
novel technologies can enhance service offerings, mitigate client
attrition risks, and streamline tasks, thereby affording more time

for client relationships.
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1. Introduction

The growth of technology has disrupted many industries, including the financial services industry.
The increase of technology-based financial solutions introduced by the Financial Technology
(FinTech) has resulted in a reform of the practices and processes of financial institutions globally (Lee
& Shin, 2019:21). According to Gomber, Kauffman, Parker and Weber (2018:224), innovative
technology - such as those solutions introduced by FinTech - are one of the main factors driving
transformation within the financial services industry. These innovations led to changes in traditional
processes and ultimately alter client’s expectations of financial services (Gomber et al., 2018:225).
Preece (2016:53) identifies robo-advisors as one of the FinTech solutions at the forefront of disruption

within the financial planning realm.

Initially, robo-advisors were introduced as a low-cost alternative to traditional financial advice but
have evolved into a digital wealth management tool that can assist users in making suitable
investment decisions (O’Neill, 2023) as well as insurance and banking decisions (Huneberg,
2020:176). ‘Robo-advisors’ are broadly described as Artificial Intelligence-driven (Al) automated
financial advice platforms, powered by hi-tech algorithms and generate investment advice based on an
automated analysis of clients’ information (Back, Morana & Spann, 2023:1). Recommendations
proposed by robo-advisors are referred to as robo-advice (O’Neill, 2023). According to Sarpong
(2020:6), robo-advice can be regarded as providing advice without the direct involvement of a natural
person through an electronic medium that uses algorithms and technology. Robo-advisors are
perceived to pose a risk to traditional financial-planning techniques as it is believed that they can
minimise the need for human intervention and are thus commonly perceived to be a threat to the
financial-planning profession (Wessel, 2015:37). According to the Financial Planning Institute of
Southern Africa (FPI) (2017), the potential disruption of robo-advisors is so widespread that they

have the ability to affect every step in the traditional financial-planning process
1.1. Problem Statement

Studies that explore the understanding of robo-advisors in financial-planning are limited (Aw, Zha &
Chuah, 2023:192). D’Acunto and Rossi (2020) summarise the knowledge possessed by financial
planners on robo-advice by adopting a systematic review. Other studies aim to understand how robo-
advisors function (Belanche, Casal6, & Flavian, 2019; Lam, 2016; Beketov, Lehmann & Wittke,
2018). Several authors (Warchlewska & Waliszewski, 2020; Wu & Gao 2021; Tauchert & Mesbah,
2019) view robo-advisors from a user perspective to understand what makes the technology appealing

to an investor and whether the technology enables them to make well-informed investment decisions.

South Africa research on robo-advisors address the readiness of the regulatory framework (Huneberg,
2020) and the intentions of financial planners to adopt robo-advisors (Sidat & Matchaba-hove, 2021).

Sarpong (2020) provides a literature overview of robo-advisors in the South African context. None of



these studies looked into understanding the way robo-advisors function within the financial-planning

industry.

The fact that the FPI (2017) has recognised robo-advisors are able to cause disruption to the financial-
planning process makes it imperative to investigate whether financial planners understand how to use
the tool to limit or mitigate possible disruption. This leads to the research question in this paper: Do

financial planners understand the capabilities of robo-advisors to use it to their advantage?
1.2. Research objectives

The primary objective of this paper is to investigate whether financial planners have the required
knowledge and understanding of what robo-advisors can do. To achieve this objective, the following

secondary research objectives were formulated:

e Investigate financial planners’ knowledge and understanding of what Robo-advisors can do;
e Determine the perception of financial advisors on the advantages and disadvantages of Robo-
advisors;

e To identify the limitations of using robo-advisors in the financial-planning industry.
2. Literature Review

The following literature review outlines the role of Artificial Intelligence and Robotic Process
Automation in financial services, the features of robo-advisors compares the traditional financial-

planning process with the robo-advisory process and outlines the two models of robo-advisory.

2.1. Artificial Intelligence and Robotic Process Automation in financial services

Al refers to a machine's capability to communicate, reason, and operate independently in both familiar
and new situations, mimicking human behaviour (Du-Harpur, Watt, Luscombe & Lynch, 2020:424).
The integration of Al into financial-planning is revolutionising the finance sector by enhancing
efficiency, accuracy, and personalised services. However, it also presents concerns related to ethics,
security, and the role of human financial planners. Al-powered chatbots, for example, can understand
and respond in multiple languages, allowing financial planners to broaden their client base. They also
provide 24/7 support for managing routine client issues, thereby freeing up financial planner’s time

(Ernst & Young, 2018:5).

Al technologies, including machine learning, are greatly improving financial institutions' data
analysis, risk assessment, and customer service (Addy, Ajayi-Nifise, Bello, Tula, Odeyemi & Falaiye,
2024:242). Machine learning, a subset of Al, trains algorithms on datasets to enable data-driven
automation, such as analysing business data, recognising patterns, and making predictions (Aslani,
2021). Unlike machine learning, RPA follows predefined rules and automates repetitive tasks

previously handled by humans, such as transferring data between systems (Casey, 2020). RPA



increases productivity by relieving financial planners from manual tasks, allowing them to focus on

higher-value activities such as building client relationships (Ernst & Young, 2018:5).

The financial services industry faces pressure to cut costs and enhance value as customers expect
rapid, personalised services and value for their money. Ernst & Young (2018:1) state that many robo-
advisory firms are investing in advanced tools and technologies, including RPA and Al, to enhance
their financial planners capabilities and deliver a more insightful customer experience. As Al and
machine learning continue to progress, these platforms are becoming increasingly sophisticated,
allowing them to optimise client portfolios with greater precision (Netscribes, 2019). Using robo-
advisors allows financial institutions to concentrate on improving service quality and efficiency while

managing expenses (Netscribes, 2019).
2.2. Features of robo-advisors

The robo-advisor provides clients with a digital wealth management platform that can assist a user
with investment decisions through automated services (Deloitte, 2016). Tao, Su, Xiao, Dai and Khalid
(2021:2) elaborate that robo-advisors aim to empower users to make good investment decisions by
employing technology that opens the avenues of various investment opportunities. According to
Marquit (2024), robo-advisors are characterised by several key features: automated investing,
automatic portfolio rebalancing, the creation of goal-based accounts, and tax-loss harvesting.
Automated investing involves managing the entire investment process through a website or mobile
application, from the point of sign-up to the implementation of recommendations. This system allows
users to schedule regular contributions to their investments however, most Robo-advisors do not
allow users to select specific investments (Malkei, 2017:6). The limited range of investments
available through robo-advisors typically results in lower fees (Marquit, 2024). Automatic portfolio
rebalancing aims to minimise the risks associated with a portfolio's current asset allocation. Over
time, the performance of various asset classes can change, altering the portfolio's balance.
Additionally, any changes in a client's circumstances may require adjustments to the portfolio
structure (Kaya, 2017:6). Robo-advisors also offer goal-based accounts, which allow users to save for
specific objectives, whether general - like retirement - or specific, such as funding children's
education (Royal, Barba & Chavis, 2024). Lastly, tax-loss harvesting is a sophisticated process
designed to reduce current tax liabilities by selling underperforming investments (Schwab, 2022).
This feature can provide significant tax benefits, enhancing the overall efficiency of the investment

strategy (Hammer, 2013:2).

2.3. The robo-advisory process
Financial planners follow the six-step financial-planning process when furnishing financial advice
(Botha, Du Preez, Geach, Goodall, Palframan & Rossini, 2023:123). The Financial Planning Institute

(FPI) of Southern Africa endorsed a well-structured process that is followed by financial planners



when furnishing financial advice, with similar structures existing globally (Botha et al., 2023:123).
According to Masthead (2022), this process entails the development of the client relationship,
collection and analysis of client information, the recommendation of products, the implementation of

a financial plan, and reviewing client’s circumstances.

In line with the traditional financial-planning process, Jung, Dorner, Glaser & Morana (2018:85)
propose a three-step robo-advisory process. These three steps include configuration, matching as well
as customisation and maintenance. This process is visually compared to the traditional financial-

planning process in in Figure 1.

TRADITIONAL FINANCIAL PLANNING

ROBO-ADVISORY PROCESS:
PROCESS:

Step 1: Development of client relationship N

Step 2: Collection of client information — Step 1: Configuration

Step 3: Analysis of client information d

Step 4: Recommendation of products/
financial plan ™

Step 2: Matching and customisation

Step 5: Implementation of financial plan | A

Step 6: Review of client circumstances | Step 3: Maintenance

Figure 1: Traditional financial-planning process vs robo-advisory process

Within the configuration phase as proposed by Jung et al. (2018:85), robo-advisors establish client
relationships by collecting the necessary particulars from the user, after which they assess the
information provided. Thus, it is taking into account steps one, two and three of the traditional
financial-planning process as depicted in Figure 1. According to Kaya (2017:2), online questionnaires
are employed to collect the relevant client information. These multiple-choice style questionnaires are
curated to provide robo-advisors with the information required to assist robo-advisors in identifying

clients’ financial needs, goals, risk appetite as well as their investment timeline

In the matching and customisation phase, recommendations are generated that the algorithms deem to
fit the users’ needs. Users may choose either to accept or decline these recommendations. Should it be
necessary, users may return to the configuration phase and update their information to receive more

suitable recommendations (Jung et al., 2018:83). This phase considers step four and five of the



traditional financial-planning process by providing recommendations and granting the user the option

to commit to recommendations made.

In the maintenance phase, which aligns with step six of the traditional financial-planning process, the
robo-advisors monitors the performance of clients’ investments on an ongoing basis (Jung et al.,
2018:83). Robo-advisors will automatically adjust or rebalance the portfolio accordingly based on
market factors or changes made by users to their profile (Kaya, 2017:7). This stage will require the
robo-advisor to return to stage one of the robo-advisory process and re-evaluate client information to

identify changes that may occur in their financial situations.

2.4. Different types of robo-advisor models

While the main goal of robo-advisors is to make investing simpler, accessible and affordable, the
degree to which robo-advisors can achieve this goal is dependent on the model type (Barile, Secundo
& Bussoli, 2024:17). Barile et al. (2024:3) identify two robo-advisor models: the hybrid advisor and

the fully automated robo-advisor, commonly referred to as the pure robo-advisor.

2.3.1 Pure robo-advisor

The pure robo-advisor operates independently and requires little to no human intervention. These
robo-advisors generate investment advice based purely on algorithms (Metzler, Neuss & Torno,
2022:3). The users of the pure model are perceived to be digital-savvy individuals with simple
finances who may not see the need to consult a financial professional for advice (Barile et al.,
2024:4). This robo-advisor model is an advantageous option to individuals who prefer to manage their
own finances through an easy-to-use interface. This provides pure robo-advisors a competitive
advantage over hybrid-advisors (Lopez, Babcic & De La Ossa, 2015:4). Additionally, pure robo-
advisors provide users with the flexibility and convenience of accessing and managing their finances
anywhere, with the advantage of lower fees (Lui & Lamb, 2018:267). According to Barile et al.

(2024:15), the pure robo-advisory model is more cost effective as compared to its hybrid counterpart.

2.3.2  Hybrid robo-advisor

The hybrid robo-advisor model combines conventional robo-advice, as received from pure robo-
advisors, with the add-on benefit of input from a financial planner (Merkle, 2020:21). Some hybrid
robo-advisors make it compulsory for users to consult with a human financial planner prior to
generating any recommendations (Huang, 2017:57). In comparison to users of the pure model, users
of the hybrid model are perceived to have complex finances that require tailored solutions (Katzeff,
2015:12). These users are comfortable with paying higher premiums in return for a more personalised
experience (Barile et al., 2021: 15). Jung et al. (2018:83) emphasise that the hybrid model is seen to
be more attractive than the pure model as it allows users the flexibility to consult a human financial

planner before committing to any investment products. The introduction of a human into the typically



fully automated robo-advisory process provides a more personalised approach that many users prefer

(Beck, 2024).

This model aims to overcome the lack of human interaction of the pure model, however the degree to
which this model is advantageous is dependent on the nature of interaction made via channels such as
WhatsApp or telephone call between the user and financial planner (Metzler, 2022: 3). D’Acunto et
al. (2019:1990) state that many existing financial-planning firms have chosen to introduce their own

hybrid Robo-advisors in an effort to limit the threat of pure Robo-advisors.

3. Research Design and Methodology

This study utilises the interpretivist paradigm to explore financial planners’ knowledge of what robo-
advisors can do. The focus of the interpretivist paradigm is to understand people's motives, views, or
actions rather than understanding objects (Saunders, Lewis & Thornhill, 2016:134). By gauging the
knowledge and understanding of financial planners about what robo-advisors can do, the benefits that
robo-advisors can have on the financial-planning landscape can be understood. Furthermore, the
qualitative approach was adopted to capture the level of knowledge financial planners have on what

robo-advisors can do.

This study made use of convenience and criterion sampling. Convenience sampling is a non-
probability sampling technique in which a researcher will select participants that are available in a
specific location (Stratton, 2021:373). Only those who were willing to participate in the Eastern Cape
were selected, owing to time constraints. Criterion-based sampling was implemented by requiring
participants to be financial advisors with a minimum of three years’ experience and have a formal
education level (degree/diploma). An attempt was made to select participants who work in different
practices with different levels of experience. To identify adequate participants, snowball sampling
was used that involves selecting an initial group of participants and then asking them to suggest other
potential subjects with similar characteristics or relevance to the study (Dosek, 2021:651). The first
three participants were asked to provide the names of other potential participants that meet the sample
criteria. These three participants were found by contacting a well-connected member of the financial-
planning industry. Snowball sampling assisted the researcher in reaching a larger data-rich sample.
The study was guided by data saturation to ensure a sufficient number of participants with
comprehensive information. According to Guest, Bunce and Johnson (2006:74), data saturation can be

met at approximately 12 interviews. For this study, data saturation was met at 13 interviews.

Semi-structured interviews offer a flexible data collection method so that key topics are covered using
open-ended questions, while not following a strict order. This allowed participants the opportunity to
express their thoughts and perspectives in depth. A financial-planning industry member provided the
contact details of the first three participants, and further participant contact details were given by the

financial planners who referred them. Potential participants were recruited telephonically or via email



to set up an interview at a suitable location and time. Once participation was confirmed, the
participants were emailed a cover letter of the study that outlined the background and aim of the
research together with the interview schedule to be prepared for the interview. Providing participants
with the interview schedule in advance allowed them to determine their confidence in participating in
the study and sharing their knowledge on the topic. Prior to participating in an interview, participants
had to consent to being audio recorded. All interviews were audio recorded and the recordings were

sent to a professional transcriber for transcription.

Lincoln and Guba (1986:77) state that the criteria for trustworthiness in qualitative studies are
credibility, transferability, dependability and confirmability. ‘Credibility’ refers to portraying a
participant's lived experience accurately and truthfully (Cypress, 2017:257). Ahmed (2024:2) states
that using triangulation to cross-verify findings can ensure credibility. Guba (1981:85) adds that peer
debriefing also contributes to credibility. In this study, the participants’ own wording was captured,
and another coder was consulted to confirm the codes reflects what was said. Dependability ensures
that the findings of a qualitative study are repeatable if conducted with the same cohort of participants
(Forero Nahidi, De Costa, Mohsin, Fitzgerald, Gibson, McCarthy & Aboagye-Sarfo, 2018:2). Ahmed
(2024:2) mentions that maintaining audit trails, which keep a record of research decisions, changes
and data analysis processes can ensure dependability. For this reason, the researcher clearly outlined
the content analysis process and kept an audit trail of the whole research process. ‘Confirmability’
refers to the likelihood that other researchers would confirm the results (Forero et al., 2018:2). Ahmed
(2024:3) suggests that member checking, which allows participants to verify that their viewpoints are
accurately represented, contributes to confirmability. In this study, participants were contacted after
interviews to check whether their viewpoints had been appropriately represented in the research
findings. ‘Transferability’ refers to the extent to which the results can be generalised to other contexts
or settings (Forero et al., 2018:2). This can be achieved by using purposeful sampling and data
saturation (Forero et al., 2018:2). Financial planners from both independent and corporate practices
were surveyed and interviews were conducted until the point of data saturation which in this study

was 13 participants.

Content analysis was deemed the most suitable data analysis method for this study. In this study the
directed content analysis approach was used as coding was theory driven (Ravitch & Carl, 2016:249).
Codes were thus primarily developed deductively but where new findings emerged which were not

identified in the literature, additional inductive codes were developed (Bengtsson, 2016:12).

Table 1 indicates how the content analysis process, suggested by Bengtsson (2016:9), was applied in

this study.

Table 1: Content analysis process

Steps Description of steps




Decontextualisation Data familiarisation took place by reading the interview transcripts multiple times.

Meaning was identified by assigning codes based on literature.

A coding framework was developed by including deductive coding based on literature and
inductive coding that emerged from the empirical findings.

Recontextualisation Original text was re-read along with the coding framework to confirm the codes were
correct.

Each code was assigned a different colour in the transcript

Categorisation Large codes are broken down into smaller sub-codes to maintain data richness

Compilation The findings were analysed and written up by describing patterns or using direct
quotations after which the empirical findings were confirmed or contrasted with literature
findings.

Adapted from Bengtsson (2016)

Prior to collecting or analysing data, ethical clearance was obtained from the university (H20-BES-
BMA-001). Participants signed an informed consent form and permission was granted for audio
recording before conducting the interview. Participants were assured of anonymity, privacy and
confidentiality as well as that they would not be identified in the study but referred to as FI 1
(financial planner from an independent practice), or FC 1 (financial planner from a corporate

practice).

4. Results and Findings

Based on the literature and the research methodology discussed above, the below sections present
findings of the interviews conducted with financial planners. These financial planners expressed their
understanding and perceptions of robo-advisors regarding their features, advantages, disadvantages
and limitations, as well as the potential impact that robo-advisors may have on the financial-planning

industry.

4.1. Biographical data

This study involved a diverse group of participants, primarily male, who were a variety of ages and
had many qualifications in financial-planning. Of the 13 participants, 12 were male and one was
female. Financial-planning is known to be a male-dominated industry (Demasters, 2023) with women
making up only about 20% of financial planners in South Africa (Moonstone, 2022). The age
distribution among the participants varied, with individuals between 25 and 60 years of age. The
majority (eight out of 13) of participants held a Postgraduate Diploma in Financial Planning. Four of
the participants were employed in corporate financial-planning practices while nine participants were
employed at independent financial-planning practices at the time of the study. Moonstone (2022)
highlights that the independent financial-planning market in South Africa appears strong and has been

showing strong growth.

Specifically, five participants had a Postgraduate Diploma in Financial Planning, three participants
held Diplomas in Financial Planning, one participant had a BCom Honours in Economics and four

participants had advanced qualifications and were Certified Financial Planners. Overall, the



participants' years in practice varied significantly, from as few as three years (only female participant)

to as many as 32 years, indicating a wide range of professional experience among the participants.

The biographical data of participants is detailed in Table 2.

Table 2: Participants biographical information

Participant | Gender | Age Highest qualification Years in
practice

FC1 Male 30-39 | Postgraduate Diploma: Financial Planning 9

FI1 Male 50-59 | Postgraduate Diploma: Financial Planning 32

FC2 Female | 5459 | Postgraduate Diploma: Financial Planning 3

FC3 Male 20-29 | Postgraduate Diploma: Financial Planning 8

FI2 Male 40-49 | Certified Financial Planner 22

FI3 Male 50-59 | Diploma: Financial Planning 19

FI4 Male 60+ Diploma: Financial Planning 9

FIS Male 20-29 | Postgraduate Diploma: Financial Planning 3

FI6 Male 30-39 | BCom Honours: Economics 14
Postgraduate Diploma: Financial Planning; Certified Financial

FC4 Male 40-49 22
Planner

FI7 Male 50-59 | Diploma: Financial Planning 31
Postgraduate Diploma: Financial Planning; Certified Financial

FI8 Male 40-49 17
Planner
Postgraduate Diploma: Financial Planning; Certified Financial

FI9 Male 40-49 21
Planner

4.2. Findings of the participants’ knowledge on robo-advisors features

Table 3 presents the emerging themes regarding how financial advisors perceived to be robo-advisor

features, followed by a discussion of the themes in relation to existing literature. This discussion

includes comparisons between the responses of corporate and independent financial planners.

Table 3: Features of robo-advisors

Themes Independent financial Corporate financial Total
planners planners participants
Cases Frequency | Cases Frequency

Computer-based program that generates F12; F14; 4 FC3 1 5

advice based on algorithms FI16; FI8

Website F17 1 FCI1; FC2 2 3

Information collected using an electronic FI1; FI12 2 FC1 1 3

questionnaire

Voice recording that provides pre- FC4; FC2 2 2

programmed answers

Goal-based financial-planning FC3 1 1

Limited knowledge to comment FI5 1 1




Most participants described the features of robo-advisors to be a computer-based program that
generates algorithm-based advice. This view concurred with the findings of Fein (2015:2) and Park et
al. (2016:106) who define ‘robo-advisors’ as computer-based financial-planning systems that employ
algorithms to generate investment-related financial advice. Financial planners also view robo-advisors
as a website, which is partially correct as robo-advisory firms can outline their robo-advice offerings
on their websites (Jung, Dorner, Weinhardt & Pusmaz, 2017:376). Some participants' knowledge of
robo-advisors spanned further than a simple description and extended to the data collection methods
employed by robo-advisors which are electronic questionnaires and aligns with the findings of Kaya
(2017:2). One of the key features of robo-advisors has been identified as goal-based financial-
planning which allows individuals to save for a specific financial goal (Royal et al., 2024), although

this is a crucial feature of robo-advisors, it does not summarise what it can do well.

The findings point that corporate financial planners often perceive robo-advisors as automated
systems providing pre-programmed responses that are likely influenced by their training within
companies introducing such systems. However, this viewpoint lacks support in the literature.
Conversely, financial planners endorsing robo-advisors for goal-based financial guidance may be
influenced by similar corporate training. Independent financial planners, indicating limited knowledge
on robo-advisors, suggest that an understanding of these systems is gained through personal research
and attending relevant workshops. Independent research and the attendance of industry workshops
were mentioned by participants as sources of education on the topic of robo-advisors. The varying
perspectives on robo-advisor features highlight a lack of consensus among financial planners. This
indicates potential gaps in participation in Continuous Professional Development (CPD) workshops
offered by the Financial Planning Institute of Southern Africa (FPI), which regularly covers topics
like robo-advisory and other industry advancements (FPI, 2023).

4.3. Advantages of robo-advisors
The advantages of using robo-advisors, as understood by financial planners, are presented in Table 4
Each theme is extensively discussed and compared with existing literature, with further analysis

distinguishing between responses from corporate and independent financial planners.

Table 4: Advantages of Robo-advisors

Themes Independent financial Corporate financial Total
planners planners participants
Cases Frequency | Cases Frequency

Efficiency and accuracy FI1; F14; 6 FC1 1 7
FI5; FI6;
FI8; F19

Cost effective FI1; FI5; 5 FCI1;FC3; | 3 8
FI6; F17; FC4
FI8

Convenience and accessibility FI1; FI2; 4 FCI1;FC3; | 3 7
FI4; FI8 FC4

Users can manage their finances without FI1; F14 2 FC1 1 3




intervention of a financial planner
Enhance financial planners current FI1; Fi4; 5 FC1 1 6
offerings FI5; FIS;

FI9

Efficiency and accuracy emerged as one of the key advantages of using robo-advisors. This finding
aligns with existing literature, which suggests that robo-advisors can be more efficient and accurate as
compared to human counterparts (Preece, 2016:52). About half of the participants in the study
confirmed that they perceive robo-advisors to be beneficial as they are more accurate than humans in
that human error is minimised in data-entry and with regards to adherence to regulatory changes,
provided that robo-advisors are correctly programmed and information is regularly updated. Robo-
advisors are perceived to be more efficient as they eliminate human error and personal biases
(Iannarone, 2018:148). Participants agreed with this. Additionally, participants highlighted that robo-
advisors excel in calculations and mathematics, making them less prone to errors in processing
numbers. Regarding data-processing speed, robo-advisors are significantly faster, offering users
shorter waiting periods as compared to human financial planners. Lamprecht (2016:11) notes that
robo-advisors enhance efficiency by ensuring that all transactions have a digital footprint, making
these traceable. This traceability improves transparency and the quality of financial services delivered
(Baker & Dellaert, 2018:1). However, participants did not mention transparency as an advantage of

Robo-advisors.

Many participants indicate that robo-advisors are beneficial as it is a cost-effective solution for users,
offering affordable financial advice options. Cocca (2016:56) emphasises that the cost structure of
robo-advisors may present a threat to human financial planners as robo-advisors provide investors
with an affordable yet effective investment solution. Many participants agree that individuals are
reluctant to employ the services of a traditional financial planner owing to the exorbitant fees charged
and that the lower fees of robo-advisors could make clients question whether they really need a
financial planner when they can access financial advice at a fraction of the cost via online platforms.
According to Singh and Kaur (2017:35), the revenue of traditional financial planners' businesses may
be severely impacted by robo-advisors, which can offer services at rates up to 70% less than those of
traditional financial planners. While financial planners agree that that affordability is an advantage
offered by robo-advisors, they are cautious about the quality of service and advice provided. One
participant specifically mentions that although users of robo-advisors benefit from lower fees, this

does not necessarily mean they will be offered quality advice.

Robo-advisors are recognised for their accessibility both in terms of cost and convenience. Some
participants note that robo-advisors are beneficial as they are available at any time or place because
users can manage their finances from the comfort of their own homes, thereby eliminating the need to

travel to a financial planner's office or adhere to office hours, unlike traditional financial planners.



According to Ganatra (2021), in addition to their lower fees, robo-advisors are easy to use and readily
accessible via the internet. Consequently, robo-advisors empower clients to take control of their

finances independently which reduces their reliance on human financial planners.

The accessibility and cost-effectiveness of robo-advisors open up opportunities for individuals to
manage their finances and investments. Additionally, Maxfield (2017:44) highlights that robo-
advisors not only lower costs for individual investors but also reduce financial planners' expenses
associated with servicing clients. Participants agree, noting that using robo-advisors can reduce the
cost of servicing clients and, owing to time efficiency, allow more clients to be served. However,
according to Cocca (2016:5), clients with a lower net worth and fewer assets are more likely to be
attracted to robo-advisors because these platforms provide previously unattainable financial advice. A
few participants regard this as an advantage and note that robo-advisors appeal to these clients as they
were previously overlooked however did not see the value in financial advice or could not afford
professional advice. This aligns with findings from Rattue (2017:6) and Waliszewski and Zieba-
Szklarska (2020:16), who state that robo-advice can attract a previously underserved client segment of
low-budget investors who were not considered viable clients for financial planners. However, most
research on robo-advisors consisted of findings conducted in well-developed countries. Participants
highlighted that, in South Africa, limited internet access and poor financial literacy may prevent usage

of robo-advisors to manage one’s own finances.

Nearly half of the participants found it beneficial that robo-advisors can be combined with traditional
human financial-planning advice to enhance their service offerings. This aligns with the findings of
Allocca (2018), which suggest that robo-advisors should be viewed as tools to enhance the financial-
planning profession rather than disrupt it. Financial planners can benefit from incorporating robo-
advisors into their services as these tools can perform tasks faster and reach a new target group of
investors not typically served by financial planners. Participants indicate that while financial planners
focus on relationship-building, robo-advisors can handle technical aspects such as asset allocation,
complex calculations, and portfolio rebalancing. However, Sygnia (2016) differs in opinion by stating

that warns that a robo-advisory platform cannot address complex financial or tax needs.

One corporate financial planner believes that robo-advisors excel in efficiency and accuracy, aligning
with the views of other independent financial planners. Interestingly, the corporate financial planner
who agreed with robo-advisors being efficient and accurate also indicated knowledge on the data
collection method employed by robo-advisors in the previous section. This participant has been
practising for nine years. This suggests that this specific financial planner has increased knowledge on
the topic of robo-advisory as compared to other corporate financial planners. Furthermore this
financial planner’s view aligns with the most experienced participant in this study who possesses a
total of 32 years’ experience in the industry. This may point to the fact that years in practice is not

necessarily related to having knowledge on robo-advisory. Literature consistently highlights robo-



advisors' potential for superior efficiency and accuracy, a key feature of technology-driven systems.
Differences in beliefs among corporate and independent financial planners regarding robo-advisors
may stem from varying firm software or systems, as well as differing skill sets among financial

planners

Two Certified Financial Planners (CFPs), one independent and one corporate, both agreed that robo-
advisors are more cost effective and convenient in terms of accessibility, which is notable considering
the CFP is considered the highest certification in the financial-planning industry. The differing views
on cost-efficiency may stem from a lack of familiarity with robo-advisor fee structures. Alternatively,
it suggests that participants, particularly independent financial planners, who did not view cost-
efficiency as a robo-advisor advantage, may perceive their own services to be more cost effective.
This perception could be influenced by concerns about the quality of advice provided by robo-

advisors.

Although literature suggests that robo-advisors can empower users to manage their finances with
minimal intervention from a financial planner, only three participants agreed with this viewpoint. Two
of these participants, one independent and one corporate, viewed robo-advisors positively,
recognising all the advantages highlighted in the study. These participants, who demonstrated a good
understanding of robo-advisory features, believed robo-advisors could enhance financial planners'
current services. However, less than half of the respondents agreed that robo-advisors could enhance
their operations, possibly owing to a lack of awareness about the features. Those with better
understanding were more positive about the impact of robo-advisors. The lack of enthusiasm might
also stem from the high costs of establishing in-house robo-advisory systems and limited knowledge

about hybrid models.

4.4. Disadvantages of robo-advisors
In Table 5, the disadvantages of using robo-advisors - as perceived by financial planners - are
presented This is followed by a discussion of the findings in relation to each theme compared with

existing literature.

Table 5: Disadvantages of robo-advisors

Themes Independent financial Corporate financial Total participants
planners planners
Cases Frequency | Cases Frequency
Inability to develop relationships FI2; F13; 6 FC1 1 7
F14; FI5;
FI7; FI8
Lack of emotion FI1; FI5; 4 FC1; FC3; 3 7
FI6; F17 FC4
Does not consider all aspects of a FI13; FI19; 3 3
client situation FI8
Inability to act in users’ best FI1; Fl4; 3 FC2 1 4
interests FI8
Cannot explain products FI1; FI7 2 FC3 1 3




The relationship between client and financial planner is fundamental in creating and implementing a
comprehensive financial plan (Fortin, Jansen & Klontz, 2020:47). About half of the participants in
this study support this assertion, noting that one of the disadvantages of robo-advisors is the inability
to foster relationships with clients. They emphasise that relationships in financial-planning are crucial
not only for securing repeat business but also for building trust in both the financial planner and the
financial-planning process. Participants emphasise that historically, the financial-planning industry

has been relationship based.

Robo-advisors, lacking the ability to exhibit emotions, are unable to form these essential relationships.
Half of the participants found the lack of human intervention in the robo-advisory process
disadvantageous, given that financial decisions involve emotions. Bossaerts (2021:1) underscores the
importance of emotions in financial decision-making, suggesting that emotions give humans a
competitive edge over robotic counterparts. Some participants agree that the inability of technologies,
like robo-advisors, to display emotions is a significant disadvantage. Unlike human financial planners,
robo-advisors cannot provide comfort during difficult times, which is crucial when clients need to
make significant financial decisions. Moreover, some participants note that robo-advisors cannot
observe clients' non-verbal cues, such as facial expressions and body language, which human
financial planners use to gauge emotions. For example, clients might feel anxiety about future
possibilities, and addressing these emotions with empathy is crucial. Huneberg (2020:184) highlights
that a major shortcoming of robo-advisors is their inability to read facial expressions or body
language. Robo-advisors' inability to observe non-verbal cues means they cannot detect when users do
not understand product. Participants noted this disadvantage, as it prevents Robo-advisors from

clarifying product offerings, potentially leading to poor financial decisions.

Some participants find robo-advisors' inability to act in the client's best interest as disadvantageous
because it creates the potential to recommend unsuitable products due to a lack of understanding of
the client's unique circumstances. This issue is linked to the lack of relationship development as robo-
advisors cannot fully grasp a client's situation to provide tailored recommendations. While there is
some validity to this concern, the Financial Advisory and Intermediary Services (FAIS) Act - in its
2018 amendment - includes provisions for automated advice but financial service providers in South
Africa must have policies and procedures to monitor, test, and review the algorithms (Huneberg,
2020:190). Additionally, the amendment requires sufficient human resources to maintain and manage
robo-advisors to ensure accuracy of the systems and the advice they provide. Huneberg (2020:203)
further suggests that these challenges can be mitigated through a hybrid model. Previous findings
indicate that participants were unaware of the hybrid Robo-advisory model. Although pure Robo-
advisors may not always provide the best recommendations for users' unique needs, the hybrid model

can overcome this challenge as suggested by Huneberg (2020).



When considering the themes of the inability to develop relationships and lack of emotions, all but
two participants (one independent and one corporate) emphasised these themes to be disadvantages of
robo-advisors. This highlights that, combined, these issues are a major flaw in robo-advisory systems.
This viewpoint aligns with the literature, which identifies these as flaws since financial planning relies

on emotional connections and professional relationships between clients and planners.

It is concerning that only four participants, one corporate and three independent financial planners,
acknowledged that robo-advisors may not always act in clients' best interests. Financial planners are
bound by regulatory codes to act in their clients' best interests, and this should be recognised by all
financial planners, regardless of whether they are corporate or independent. Furthermore, if clients do
not understand products, they may invest in options unsuitable for their unique circumstances, which
links to the ideal of acting in clients' best interests. The inability of robo-advisors to explain products
was acknowledged by only three financial planners. The overall lack of awareness about the potential
disadvantages of robo-advisors raises concerns about whether financial planners fully understand the
nature of robo-advisory systems. Participants who showed a good understanding of the features and
advantages of robo-advisors in previous sections did not seem fully aware of their potential

drawbacks.

4.5. Limitations of Robo-Advisors
The limitations of robo-advisors are presented in Table 6. The table is followed by a discussion of
each theme and further analysis distinguishing between responses from corporate and independent

financial planners.

Table 6: Limitations of robo-advisors

Themes Independent financial Corporate financial Total participants
planners planners
Cases Frequency | Cases Frequency

Less services offered compared to FI13; FI5; 4 FC2; 2 6

financial planner FI8; FI9 FC3

Outdated user information leads to FI1 1 FC1; 2 3

incorrect recommendations FC3

Users provide incorrect information | FI1; FI7 2 FC1 1 3

Lack of trust in technology FI1; FI3 2 2

Robo-advisors are perceived to offer fewer benefits compared to financial planners as they cannot
provide holistic financial advice. About half of the participants highlight that while robo-advisors may
be seen as experts in investing, they do not cover the broader spectrum of financial-planning. They
further suggest that robo-advisors seem to be ‘single-need’ oriented, whereas human financial
planners consider the larger picture. Beck (2024) notes that robo-advisors primarily provide
investment advice, while Huneberg (2020:176) adds that they can also assist users in making

improved banking and insurance decisions. Botha et al. (2023:129) concurs with this view and



identify 13 financial-planning elements that financial planners consider when developing a
comprehensive plan while robo-advisers currently addresses only three out of the 13 areas of

financial-planning.

Robo-advisors aim to provide users with recommendations based on information obtained from
questionnaires (Fisch & Turner, 2017). A few participants indicated a limitation of robo-advisors is
that users may not always know what information to provide to them, which could result in incorrect
or inaccurate recommendations. Additionally, clients are expected to update their information
manually should there be any changes in their circumstances. If they fail to do so, the robo-advisor
will not be aware of the necessary updates, potentially leading to inappropriate advice. Huneberg
(2020:183) confirms that robo-advisors rely heavily on the information provided by users to generate
recommendations. The few participants further noted that users might struggle to articulate their
financial goals or circumstances accurately, resulting in incorrect information and, consequently,

incorrect advice from the robo-advisor.

Only two participants indicated that trust in the technology is crucial for the adoption of robo-
advisors. If users do not trust the technology, they are unlikely to use it as they need to feel secure
about who they entrust with their finances. Huneberg (2020:184) supports this view, stating that
distrust in new technology is a limitation as technology is not well understood and has not been
extensively tested. Specifically, Huneberg (2020:184) mentions that the older generation of investors

is less likely to use or trust robo-advisors.

When discussing the features, advantages, and disadvantages of robo-advisors, there was little
mention made by participants of their detailed offerings. Less than half of the participants
acknowledged that robo-advisors offer limited services compared to traditional financial planners.
Literature highlights that robo-advisors mainly provide investment, banking, and insurance
recommendations, whereas traditional financial planners offer more comprehensive services. Only
two corporate and four independent financial planners recognised this, suggesting that those who did
not mention this might be specialists in specific fields or lack understanding of Robo-advisor

capabilities.

Regarding the questionnaire-based information collection method employed by robo-advisors, three
financial planners (one corporate and two independents) were aware of this feature. One corporate and
one independent planner identified this method as a limitation, noting that users might provide
incorrect information and need to update their details regularly. This shows an understanding of only
two out of 13 participants of how robo-advisors make recommendations based on data derived from
online questionnaires. Interestingly, another corporate and independent financial planner did not
express an understanding of the information collection process also identified outdated and incorrect

information as limitations of robo-advisors. Additionally, the independent financial planner who



acknowledged the possibility of incorrect user information but was unaware of the information
collection tool mentioned that robo-advisors are websites. The corporate financial planner, despite
being unaware of robo-advisors’ data collection method, understood that robo-advisors are goal-
based. These varied perceptions highlight slight confusion among participants. Lastly, it is worthy to
note that the two independent financial planners who identified lack of trust in technology as a
disadvantage are both between the ages of 50 and 59 years old. This could suggest that this age group

may have this perception of novel technologies like Robo-advisors.

4.6. Robo-advisors’ impact on the financial-planning industry
Table 7 presents the impact that robo-advisors could have on the financial-planning industry. Each

theme is discussed, following further analysis of findings.

Table 7: Impact of robo-advisors on financial-planning industry

Themes Independent financial | Corporate financial | Total
planners planners participants
Cases Frequency | Cases Frequency

Transform traditional financial- FI3; FI5; F18; 4 FCI1;FC4 | 2 6

planning methods FI9 FC3

Eliminate industry FI6 1 1

Limited disruption FI1; F17; FI9 3 FC3;FC4 | 2 5

Nearly half of the participants indicate that robo-advisors may transform traditional industry methods.
Huneberg (2020:183) elaborates on how the 2018 amendment to the FAIS Act suggests including
human financial planners to oversee robo-advisors. To avoid obsolescence, participants further
believe it would be beneficial to consider incorporating robo-advisors into their offerings. However,
this integration will likely occur in the future when robo-advisors are more established and better
regulated. Despite agreeing on the potential integration, participants are unsure how to fit robo-
advisors into their services, as they believe clients prefer the human interaction component of

financial-planning.

Both independent and corporate financial planners see robo-advisors as a threat to traditional financial
planners. As Merkle (2020:1) states, robo-advisors can serve many clients simultaneously. One
participant suggested that robo-advisors could eventually eliminate the entire industry as younger
investors prefer novel technology and do not value the relationship element of financial-planning.

There is concern that as robo-advisors’ capabilities grow, they will increasingly threaten the industry.

Conversely, some participants believe that robo-advisors will have little to no impact on the industry.
These financial planners feel they can leverage robo-advisory services into their offerings, although
some are unsure how to implement this. Furthermore, owing to the lack of relationships and emotions
exhibited by robo-advisors, they believe that financial planners cannot be replaced. Some participants

have recognised that the main shortcomings of robo-advisors are their inability to develop



relationships and exhibit emotions, areas where traditional planners can excel. According to Sajic,
Bundalo, Bundalo and Pasalic (2017:2) by focusing on these shortfalls and adding value to their

services, traditional planners can differentiate themselves from their Robotic counterparts.

One independent financial planner expressed concern that robo-advisors could potentially eliminate
the industry, attributing this to their efficiency, accuracy, and cost-effectiveness. The participant
acknowledged only the lack of emotion as a disadvantage. On the contrary, nearly half of the
participants, comprising of both corporate and independent financial planners, agreed that Robo-
advisors will transform traditional financial-planning methods, suggesting that financial planners may
be expected to adapt to changes brought about by such novel technologies, regardless of practice type.
However, one independent and one corporate financial planner who expects robo-advisors to
transform industry methods also believed this disruption would be limited. The independent planner
had no input on robo-advisors' features, indicating a lack of understanding or interest, while the
corporate planner, with over 20 years of experience, previously showed limited understanding of

robo-advice, possibly reflecting comfort with current practices.

5. Managerial Implications

To address potential disruptions from innovative technologies, such as the robo-advisor, financial
planners need to be aware of the operational capabilities, advantages, disadvantages and limitations of
these technologies. In the financial-planning landscape, knowledge about the use of robo-advisors is
crucial for financial planners to remain competitive. Awareness of the features of possess can allow
financial planners the opportunity to leverage their knowledge and expertise to provide personalised
advice not offered by robo-advisors. Furthermore, by developing strong professional relationships

with clients, traditional financial planners can gain a competitive advantage over robo-advisors

Since robo-advisors are perceived to be more cost effective than human financial planners, it could
potentially alter client expectations regarding paying lower fees and accessibility. To counteract this,
financial planners may need to re-evaluated fee structures to remain relevant in an ever-changing
world to leverage themselves against their technology counterparts. Financial planners can use human
interaction to their advantage by adopting a hybrid model, offering human interaction as an add-on
service to robo-advice. They can complement their services by creating their own in-house robo-
advisory platforms or incorporating existing robo-advisors into their service offerings. Doing so can

negate the limitations of fully automated robo-advisors and enhance the overall client experience.

6. Conclusions, Limitations and Future Research
Although all financial planners who participated in this study claimed to have prior knowledge of
robo-advisors, their knowledge seemed to be limited. None of the participants were aware of the

hybrid advisory model, thus indicating that they all perceive that all robo-advisors to be operating



without human interaction, which is not the case. More learning initiatives need to take place in this

area to promote the learning and understanding of different Robo-advisor models.

It is perceived that robo-advisors will never be able to replace financial planners but can be employed
as a supplementary tool to assist in streamlining the advisory process. This can be seen by the many
limitations and disadvantages of robo-advisors when compared to the offerings of traditional financial
planners. As the purpose of financial-planning is to establish meaningful relationships between clients
and financial planners, human interactions are unlikely to be replaced. However, this does not mean
that the threat of disruption of robo-advisors must be overlooked. As technology advances so will the
functions of robo-advisors. With the advent of telecommunicating and video-conferencing inherent in
the hybrid robo-advisory model, incorporating human interactions and relationship development into
the robo-advisory experience is plausible which could result in financial-planning firms losing a
multitude of clients. However, financial planners could acknowledge the FinTech revolution by
educating themselves and developing their in-house tailored robo-advisory platforms which will make

them more competitive and reach more clients - possibly on a global scale.

A limitation of this study is that the findings were only from the viewpoint of financial planners and
not necessarily of robo-advisors users as no participant has used a robo-advisor before. Conducting a
quantitative study should be considered by surveying the users of robo-advisors for financial-
planning. Another study could investigate the role of robo-advisors in industries other than financial-
planning, including the banking and insurance sector. Participants of this study only resided in the
Eastern Cape and only one participant was female. Future research could benefit from diversity in

terms of gender and location.

This study consulted both corporate and independent financial planners, but the participant
distribution was uneven. Future studies should either focus on one group or include more corporate
financial planners to compare the perceptions of the two groups appropriately. Owing to there being
four corporate and nine independent financial planners, this study was unable to identify which group

may require special training and attention in the area of Robo-advisory.
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